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In the Advanced Photon Source (APS) storage ring at Argonne National Lab, trips in the magnet power supplies (PSs) lead to a complete electron beam — g
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loss a few times a year. This results in unexpected interruptions of the users’ experiments. In this contribution, we investigate the historical data for the last
two decades to find precursors for the PS trips that could provide an advance notice for future trips and allow some preventive action by the ring operator or

by the PS maintenance team. Various unsupervised anomaly detection models can be trained on the vast amounts of available reference data from the
beamtime periods that ended with an intentional beam dump. We find that such models can sometimes detect trip precursors in PS currents, voltages, and
in the temperatures of magnets, capacitors and transistors (components of PSs).
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